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EM/optical survey & follow-up
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Multi-wavelength Observing Facilities: | httpSI / / WWW. grawita,inaf, 1t/

Visible: VST, LBT, TNG, NOT, NTT, VLT + small telescopes [REM, 1.82m (Asiago, IT), Asiago-schmidt,
1.52m (Loiano, IT), 0.9m C. Imperatore, IT)] + HST (coll.)

Near-mid IR: 1.1m AZT-24 (C. Imperatore,IT), IRAIT (Antarctica)

Radio: 64m SRT (Cagliari, IT), 2x 32m (Medicina and Noto, IT)

High energy (coll.): space(coll. Swift, Chandra) + ground (coll. MAGIC, future ASTRI, CTA)
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Auto candidate evaluation: Machine Learning (ML)
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Auto candidate evaluation: Machine Learning (ML)

historical/simulated data is needed !
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online ML: with infos from only one point

stamp matrix
catalog infos

PCA Features

predict



fraction

ML with DL140

109 4

1071 4

1072 5

1073

1074 5

Z] bogus
Hl real
[ not selected

N OO NN

SN

N

NN\

NN

6 8 10 12 14
classificationid

~60,000 candidates were visual inspected during 2 years.

W 00 N O VT b W N =

e e e =
O V1 A W N = O

classification

eyeball

bad subtraction
bad subtraction bright star
dipole

real transient
moving object
edge of the chip
artifact

AGN

artificial star

SN

Ccv

rings

variable star
limit

kilonova

ML_id

= O O O

o



ML evaluation: figure of merit (FOM)
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ML optimization
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‘cross-telescope’ ML implementation

DLT40 memory on VST & Asiago schmidkt:
stamp size ~ FWHM
log normalization: SNR

testing with S190510e@V ST
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