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Problem Setting
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LightPred Model

Self Supervised
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Results - Simulation
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Results — Kepler Data

Percent Predicted (%) Average Obs. Error - All Data Average Obs. Error — ACF
(Days) Subset (Days)
100

LightPred 2.01 1.55
ACF 33 2.98 1.65
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Age Distribution
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Conclusions

* LightPred outperforms current SOTA methods

» Self Supervised training can help to “close the gap”

between simulation and real data

* New period catalog with 108785 stars

* Future - Inclinations, spots parameters

Our paper on Arxiv
Contact: llay.kamai@campus.Technion.ac.il



